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The aim of the study is to provide the relationship between Technology Acceptance model (TAM) and adoption 

of FinTech (Financial Technology). The study highlights the difficulties encountered when using FinTech in 

Italian banks and explores the factors of TAM model impacting the adoption of FinTech. Structured Equation 

Modelling (SEM) methodology has been adopted to check the effect of TAM on FinTech. The sample size was 

300 and collected from those Italian banks controlled by Central European. The findings suggest that Perceived 

Usefulness and Brand image are not statistically significant with adopting FinTech services in Italian banking 

industry (p>0.05). At the same time, Employee Trust, Perceived Risk, Government support, and Innovativeness 

are statistically significant with adopting FinTech services in Italian banking industry (p<0.05). The originality 

of this study that it is very important for employees which adopted TAM strategy in the banking industry, 

because FinTech adoption can also lead to a slow transition and gradual efficiency. 

JEL Classification: G2, G3, D83. 

Keywords: FinTech, Technology Acceptance, Perceived Usefulness, Perceived Risk, Government Support. 

El objetivo del estudio es proporcionar la relación entre el modelo de Aceptación de Tecnología (TAM) y la 

adopción de FinTech (Tecnología Financiera). El estudio destaca las dificultades encontradas al usar FinTech en 

los bancos italianos y explora los factores del modelo TAM que impactan en la adopción de FinTech. Se ha 

adoptado la metodología de Modelado de Ecuaciones Estructuradas (SEM) para comprobar el efecto del TAM 

en FinTech. El tamaño de la muestra fue de 300 y se recolectó de los bancos italianos controlados por Central 

European. Los resultados sugieren que la utilidad percibida y la imagen de marca no son estadísticamente 

significativas con la adopción de servicios FinTech en la industria bancaria italiana (p>0.05). Al mismo tiempo, 

la confianza de los empleados, el riesgo percibido, el apoyo gubernamental y la innovación son estadísticamente 

significativos con la adopción de servicios FinTech en la industria bancaria italiana (p<0.05). La originalidad de 

este estudio es que es muy importante para los empleados que adoptaron la estrategia TAM en la industria 

bancaria, ya que la adopción de FinTech también puede conducir a una transición lenta y una eficiencia gradual. 

Clasificación JEL: G2, G3, D83. 

Palabras clave: FinTech, aceptación de la tecnología, utilidad percibida, riesgo percibido, apoyo 

gubernamental. 
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1. Introduction 
 

Abraham Leo introduced FinTech in 1972, a combination of two words, Fin, which means Financial, 

and Tech means Technology, explained as a contraction between a variety of financial institutions 

and digital technology. FinTech refers to digital technology built on the block chain, big data, and 

artificial intelligence advice used to facilitate financial transactions.  Data from the Accenture 

consultancy organization in the United States shows that global FinTech investment surged by more 

than 12 times between 2010 and 2016, compared to the same period the previous year (Siek & 

Sutanto, 2019). Before April 2015 Cai (2018) mentioned that there were around 800 FinTech 

companies in the world according to industry estimates. A total of $215.2 billion in FinTech 

investment was made by the end of 2020, marking a 21.5% increase over the same period last year. 

More than 10,755 companies were in operation in the United States of America, and 9323 FinTech 

companies’ build-up in Europe and the Middle East region by November 2021, in Italy there are more 

than 280 FinTech companies where 40 companies have already adopted artificial intelligence 

(Torriero et al., 2022). On the other hand, these companies are restricted to three primary financial 

services: lending, borrowing, and investing. However, some are more focused on providing clients 

with a better user experience as their specialty than banks (deposit, payment, and lending). Barari & 

Furrer (2018) considering the importance of customer experiences, traditional financial service 

organizations, such as banks, have begun to acquire or collaborate with FinTech startups to 

strengthen their core competitiveness and market dominance in the financial services industry. 

DeYoung et al. (2009); Elsaid (2021) stated that a firm primarily focused on internet banking 

operations in the United States and has obtained high levels of consumer satisfaction, Banco Bilbao, 

Vizcaya Argentaria, and Banca Carige has announced that it has acquired simply.  

The long history of the development of the banking industry is studied with most of the 

innovative advancement that has occurred in the financial services industry (Gomber et al., 2018). 

Early in the 15th century, banks began using physical media technology to store information or value 

to conduct transactions, a practice still prevalent today (Stojakovic-Celustka, 2023). The market 

could extend beyond its initial regional borders by the late 19th century, which continued into the 

20th century using simulation technology. Up until the financial crisis of 2007, digital information and 

communication technology was applied to financial services, assisting in the development of 

transnational electronic networks, the establishment of interface standards, and the development of 

standard software, all of which contributed to the development of financial services (Udeagha & 

Breitenbach, 2023; Gallego-Losada, 2023). With the advancement of information and communication 

technology, the number of banks that outsource operations and activities has increased dramatically 

(Viller & Khan, 2021). However, at this point in the digital transformation process, the degree of 

vertical integration is still relatively high. 

Furthermore, there is a growing gap between the number of bank employees and the number 

of banks currently operating. During the same period, banks spent more on digital information and 

communication technology than any other company in the financial industry, exceeding the spending 

of all other businesses combined (Kitsios et al., 2021). There needs to be more money spent on 

information technology and the digital transformation of banking business models and operations in 

the banking industry. As can be seen, the inefficiency of the current scenario has also encouraged the 
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expansion of FinTech banking because of the current state of affairs (Shao, 2022; Chinnasamy et al., 

2021). For financial institutions, incorporating FinTech into their operations is intended to improve 

the client experience while also increasing the efficiency of the financial organization (Awotunde et 

al., 2021; Gomber et al., 2018). The current state of research focuses mainly on the supply-side 

implications of FinTech strategy and risk for the banking industry which is a relatively new field of 

study (Lee & Kim, 2020). Several researchers have investigated the "peer-to-peer" collaboration 

between Indonesian banks and Fintech companies (Hassan et al., 2022; Tamabunan, 2022; Todorof, 

2018). Tamabunan investigated the use of FinTech by Indonesian banks and their ability to compete 

with FinTech companies (Tambunan, 2022).  

However, FinTech deployment in major established institutions, notably in Italy, has been 

difficult. This is because legal and regulatory regulations, security concerns, and employee resistance 

to change measures. Another noteworthy and essential finding that emphasizes the human 

component is that bank employee' attitudes and acceptance of new technologies are crucial to 

FinTech solutions integration. Employee approval and adherence are crucial because they are the 

end-users of these technologies. 

Oladapo et al. (2022) stated that banks can provide better service to their customers while 

strengthening their long-term relationships with their customers in the long run. There is potential 

for new insights and a better understanding of the issue if more attention is paid to FinTech service 

uptake attention (Cai, 2018; Alt et al., 2018). Millennials are less financially savvy than prior 

generations. They rely on something other than banks as much as prior generations when making 

real-world decisions. The financial capacity of millennials will improve in the long term, resulting in 

them becoming the primary consumers in the future. The knowledge that various factors influence 

bank employees' adoption of FinTech services may help banks better meet the financial expectations 

of millennials in the future (Quah & Chua, 2018). Our research question is 

RQ1: Does TAM effects on FinTech adoption process in Italian banks? 

FinTech services are widely used in the United States, the United Kingdom, China and India, 

and Europe. Many Italian banks use FinTech, but there has yet to be any prior research on how the 

TAM affects employees' views on adopting FinTech. That was vague and insufficient, thus it's crucial 

to know how Italian banks apply the TAM model for employee FinTech adoption views. Some prior 

research describes limited analytical TAM and FinTech studies, which solely examined consumers 

and users. The results and analysis of this research will discover and provide an excellent 

contribution to Italian banks, the Italian digital economy, and the crypto world of Italy. This research 

will benefit Italian banks, small companies, insurance companies, crypto traders, block chain 

developers, and financial analysts.  

Along with considering additional factors that influence the adoption of FinTech services 

(Singh et al., 2020), it does so comprehensively and concretely. It represents a significant 

advancement in the use of typical TAM models (Palmié et al., 2020). 

The remaining portions of the paper are organized in the following manner. In section 2 a 

survey of relevant literature is conducted, and a conceptual framework, a few hypotheses, and some 

reasons for their selection are all described in further detail. Section 3 consists of research 

methodology. Section 4 summarizes the data analysis and findings, followed by a discussion. The 

conclusion is provided in the Section 5 that concludes the paper, which brings the study to a close, 

contains a few caveats and ideas for further research and development. 
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2. Literature Review 
 

2.1. FinTech Adoption 
 

FinTech is a company's internal department that uses modern information technology to improve 

financial service quality and management efficiency (Leong et al., 2017; Jünger & Mietzner, 2020). It 

might boost banking productivity and expand financial services. FinTech expansion has led to new 

technologies including big data, cloud computing, the Internet of Things, and analytical tools (Meng 

et al., 2021; Chen et al., 2022; Ashta & Biot-Paquerot, 2018). FinTech security and privacy fall into 

four categories: data-oriented, facilities and equipment, applications and service models, and 

applications and service models (Gai et al., 2017). FinTech differs greatly from traditional financial 

services (Gimpel et al., 2018). FinTech goes beyond information technology in Romania's non-

banking capital markets. FinTech is financial services that use big data, cloud computing, mobile 

computing, and other connectivity, according to this study. TAM was designed to fix numerous faults 

in the 1986 suggested method for development of reasoned action, which has since gained 

popularity. This behavioral science method uses anticipation and self-efficacy theories to examine 

technology users' behavioral intentions (Zhang et al., 2023). Another name for this strategy is 

expectation theory technique. Individual behavioral attitudes regarding perceived utility and 

perceived ease of use considerably influence public administration technology adoption in Indonesia 

due to the TAM model (Warsono et al., 2023). This model is one of the most widely used in 

information technology adoption research because it accurately characterizes employee desire to use 

technology and can be tailored to the analytic issue (Aw et al., 2023). The TAM mentioned in this 

article is adjustable because FinTech services are based on using new information technology 

capabilities to financial innovation. FinTech services are unique, thus the application procedure 

differs from traditional e-commerce, even if TAM is commonly used for technology adoption in areas 

like mobile e-commerce payment. Traditional e-commerce and FinTech application processes differ 

due to privacy and security concerns, government support, etc. (Cha et al., 2023). 

 

2.2. Perceived Usefulness 
 

The perceived usefulness of information systems in the TAM is a critical aspect of the adoption 

process. It is described as the extent to which an employee's productivity increases because of 

incorporating new technology (Tasnim et al., 2023). Employee acceptance of a service is higher when 

employees believe that the implementation of FinTech, that will have a beneficial impact on their 

working life (Basdekis et al., 2022). Over the past decade, much empirical research have shown that 

information technology usability positively influences perceived usefulness. Mainarde et al. (2022) 

found a significant effect of perceived usefulness on FinTech adoption in FinTech companies of Brazil. 

Singh et al. (2021) also found a positive effect of TAM on FinTech in telecommunication sector of 

India. Similarly, Le (2023) found a positive effect of usefulness on FinTech in online shopping 

companies of Vietnam. Roh et al. (2022) studied Chinese banking institutions as research objects, and 

an essential advantage of FinTech is the ability to mine user data in-depth and create a user 
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knowledge map. Rahim et al. (2022) researched that adoption of FinTech by millennials is influenced 

by characteristics such as their life expectancy and level of financial understanding in Malaysia. 

 

2.3. Employee’s Trust 
 

FinTech apps handle multidimensional data, making trust increasingly important (Choung et al., 

2022). Understanding how trust affects user attitudes and adoption readiness and what factors can 

hamper trust is crucial. This study defines trust as a person's overall opinion of an object's utility, as 

shown by their actions (Ahl et al., 2022). Trust comes from individuals' fundamental qualities and 

affects employees' conduct (Gbongli et al., 2020). FinTech adoption has risks due to these traits, and 

researchers have shown that trust is inversely linked to brand image and perceived risk (Wang, 

2021). Employees trust banks more if they are familiar with their services and think service risks are 

significant. Several academic studies have shown that employees' trust in FinTech services is vital to 

uptake. When employees trust banks and service providers, they are more likely to use the service, 

making it easier to modify their behavior (Usman et al., 2022), suggesting an indirect association 

between trust and FinTech adoption.  

 

2.4. Brand Image 
 

Brand Image is a monetary asset that distinguishes itself from abstract and distinctively recognized 

conceptions (Bapat, 2018). It has a comprehensive reflection of positive effects on employees and 

customers. The service provider brand effect aids customers in achieving their objectives by 

encouraging them to choose dependable services. One of the grounds offered to support the use of 

the government administration information system was the improvement in the organization's 

brand image among peers (Baber, 2021). According to research in the field of FinTech, employees' 

views of value and general satisfaction are highly influenced by their impressions of the brand. It has 

been discovered that employees' opinions of a brand are created in the context of FinTech 

applications, which is a precondition for organizational trust (Akyuwen et al., 2022). Employees need 

to provide a significant amount of sensitive information to access FinTech services. A positive brand 

image may increase consumer trust by lowering the perceived risk of purchasing the product (Le et 

al., 2022). A positive brand image can aid in the development of user trust among consumers 

(Setiawan et al., 2021). A company's brand image guarantees its products and services, allowing 

customers to clearly define the firm's service orientation. It supports both the company and its 

customers in creating solid relationships and increasing both customer recognition and satisfaction 

(Reyes-Mercado & Reyes-Mercado, 2021).  

 

2.5. Perceived Risk 
 

As a result, many individuals believe that the perception of danger is the most crucial element 

inhibiting widespread acceptance of new technologies (Huei et al., 2018). Employees' perceptions of 

threat when interacting with FinTech services are described using the term "perceived risk." Privacy 

risk occurs when people pick internet financial products like loans or credit cards over traditional 
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ones, which may reveal their personal data, transaction data, and other private information (Susilo 

et al., 2019). Puspha et al. (2023) stated that perceptions of risk substantially impact the adoption of 

e-services. Among the most common concerns expressed by employees while using FinTech services 

is the possibility that their personal information may be misused. These concerns may impact 

employees' willingness to utilize FinTech for purchases or consumption, and their perceptions of the 

risk associated with FinTech use will substantially affect their desire to use Fintech. Taufiq et al., 

(2023) researched that employees should be aware of the hazards related to FinTech services, such 

as big data, the Internet of Things, and cloud computing, before engaging in their use. Employees of 

financial institutions are regularly required to give their private information. Bureshaid et al. (2021) 

suggested that their confidence in financial organizations is eroded. Employees' perceptions of risk 

impacted their level of trust. 

 

2.6. Government Support 
 

Finance from the government has a significant influence on the adoption of FinTech. Chowdhury & 

Hussain, (2022) researched that increased public awareness of technology in financial services and 

investment in infrastructure, such as communications network construction, can boost product and 

service credibility and trustworthiness. Singh et al. (2020) found that government funding affects the 

adoption of new technologies and the intention to use them eternally, providing realistic guidelines 

for the government to create acceptable policies. Shaikh et al. (2020) found that TAM model assess 

online banking uptake and government support is needed for confidence.  

 

2.7. Innovativeness 
 

Innovativeness may be characterized as an individual's proclivity to accept an innovation at a young 

age, whether that invention is in the form of a new product, a new technology advancement, or a new 

service, among other things (Singh et al., 2020). When faced with considerable uncertainty, highly 

innovative people maintain a solid drive to profit from their discoveries. As a result, they are less 

concerned about potential dangers and are more open to new technologies (Bureshaid et al., 2021). 

The tendency for creativity in human beings results from their interest in a recent issue or problem 

(Hu et al., 2019). Individual inventiveness has a critical positive impact on people's intention to use 

mobile payment services. It has been demonstrated when considering that most people lack 

professional knowledge about a wide range of mobile services (Dwivedi et al., 2021).  

The relationship between TAM and FinTech has been the subject of several studies by local 

and international economist and financial experts, who have approached the subject from various 

approaches. The notion of financial deepening, which introduced in 1980, has gained substantial 

traction in recent years (Fry, 1980). Dwivedi et al. (2021) researched current challenges United Arab 

Emirates banks and capital markets use the TAM model towards FinTech. They found a positive 

relationship between TAM and FinTech. Shaikh et al. (2020) used the TAM model and attitude as a 

mediating element to study Malaysian consumer attitudes about FinTech and found a favorable link. 

Based on the above literature review, the hypothesized model has been developed. (See Figure 1). 
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Figure 1. Hypothesized model 
Source: Authors Compilation 

 

Thus, we have compelling grounds to consider and form the following hypothesis. 

H1 = Perceived Usefulness is significantly affected by employees' attitude towards adopting 

FinTech in Italian banks. 

H2 = Employee Trust is significantly affected by employee's attitudes towards adopting FinTech 

in Italian banks. 

H3 = Brand image is significantly affected by employee's attitude towards adopting FinTech in 

Italian banks. 

H4 = Perceived Risk is significantly affected by employee's attitude towards adopting FinTech 

in Italian banks. 

H5 = Government Support is significantly affected by employee's attitudes toward adopting 

FinTech in Italian banks. 

H6 = Innovativeness is significantly affected by employee's attitude towards adopting FinTech 

in Italian banks. 

 

3. Empirical Methodology 
 

The data gathering process is categorized into two components: primary data and secondary data. 

Gathering data from primary sources is a time-intensive task, but in many study domains, relying 

solely on secondary sources is not feasible. This research is exclusively reliant on primary data 

obtained from a restricted demographic. The study has focused on Italian banks that provide FinTech 

services and are under the authority of the European Central Bank. Collecting data is challenging 

because of the language barrier, so the questionnaires were developed in Italian. The data was 

implemented in the time ranging between 1st June 2023 to 1st August 2023.   
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3.1 Data and Estimation Technique 
 

A snowball sampling method was applied for the Survey. Since living in Cyprus, it was challenging to 

gather the data but reaching by one participant from Medio Banca by email and that participant 

suggested another from Banca Italia. The sample size is 300 which consists of blockchain developers, 

financial analysts, product managers, cyber security analysts, and quantitative analysts. The data was 

collected through Surveys via questionnaires. Performa, the research framework contains five 

exposure variables (Perceived usefulness, Employee trust, Brand image, Perceived risk, Government 

support, and Innovativeness) and one explained Variable (Adoption towards FinTech). The first 

variable, perceived usefulness, was adopted by (Lockett & Littler, 1997), which contains four items. 

The second variable, the employee trust scale adopted by (Zandhessami & Geranmayeh, 2014), which 

includes two items. Brand image scale adopted by (Ruparelia et al., 2010) has three items. Perceived 

risk scale contained three items and adopted by (Marakarkandy et al., 2017). Government Support 

has three items and is adopted by (Marakarkandy et al., 2017). The last exposure variable, 

Innovativeness, contains two items in the scale adopted by (Zhang et al., 2018). The explained 

variable adoption towards FinTech includes six items adopted by (Marakarkandy et al., 2017) that 

measures the Employee's intention towards adoption of FinTech. 

For the data analyses, Statistical Package for Social Sciences (SPSS) Amos 26 version has been 

used. Frequency distribution tables presented demographic tables and Harman common method 

variance test has been used. For factor analysis using principal axis factoring, further calculate 

Cronbach Alpha for measuring the validity of items (Kement et al., 2023). For composite reliability 

and Average Variance Extract (AVE) using the below formulas (Kement et al., 2024): 

Composite Reliability = (Σ λ) 2 / (Σ λ) 2 + (Σ δ) 

Average Variance Extracted = (Σ λ) 2 / (Σ λ) 2 + Σ Variance θ 

After that Discriminant validity has measured. For more analysis of the model, Structured 

Equation Modelling (SEM) was used (Kement et al., 2023; Teo et al., 2013). 

SEM is a highly sophisticated method of statistical modelling wherein the actual variable can 

be articulated in observed and unobserved index, with all the relationship among the several 

variables being interlinked. Here we get knowledge not only of what is intelligent or satisfied etc., but 

we also learn that the error of measurement is in modeling of variable. This has been seen when using 

it in analyzes involving more than one causative variable and in determining not only first order 

effects but second as well as total effects. This flexibility of SEM means that different model 

specifications can be developed and tested such as confirmatory factor analysis and structural 

regression models. Hence, can be extremely useful in the testing of theories and in the process of 

developing theories. On that note, the follow-up of the assessment of measure model and its 

application in research questions as well as hypothesis testing is important as discussed in the SEM. 

Furthermore, SEM uses IFA procedures for model-fitting that provides calculate measure like RMSEA 

and CFI; it handles issues in data including missing data or data of the longitudinal format. Such 

capabilities make SEM an irreplaceable tool of present days’ quantitative section of the research 

programs offering an all-including, data-fitted versatile instrument, allowing for studying complex 

data and relations. 
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4. Analysis and Discussions 
 

4.1 Demographic Statistics 
 

Table 1 presents the demographic characteristics of respondents. Out of the total sample size of 180, 

60% are male, and 40% are female. Of the responses, 105 (35% of the total) fall into the 31-40 age 

bracket, 30 (10%) into the 18-30 age bracket, 120 (40%) into the 51+ age bracket, and 45 (15%) into 

the over-50 age bracket. The European Central bank controls six banks. Medio Banca is one of the top 

banks working in Italy, so the highest sample, 60 (20%), was collected from there, and collected equal 

samples, 48 (16%) from the rest of the five banks, namely, BPER Banca, UBI Banca, Credito Banca, 

Banca Popolare di Sondrio, and Banca Carige. Employment status in these banks is block chain 

developers 72 (24%), Quantitative analysts 60 (20%), Cyber Security analysts 54 (18%), Financial 

Analysts 63 (21%), and Product managers 51 (17%) which have intentions to adopt the FinTech. The 

educational backgrounds of respondents are in Italian banks, mostly professionals having Master's 

degrees 174 (58%), 72 (24%) have completed their graduation, while 54 (18%) are doctors and have 

Ph.D. degrees. The income level of respondents under $3000-$6000 is highest at 174 (58%). 

Secondly, $6001-$9000 are 105 (35%) in 21 (7%) out of 300 who earn less than $3000. 231 (77%) 

respondents said that every day they use FinTech, while 45 (15%) said usually and 24 (8%) said that 

occasionally they use FinTech. 

 

Table 1. Demographic information. 

Characteristics   No. % 

Gender Male 180 60% 

Female 120 40% 

Age Group 18-30 30 10% 

 31-40 105 35% 

41-50 120 40% 

51 and above 45 15% 

Name of Banks Medio Banca 60 20% 

B.P.E.R. Banca 48 16% 

U.B.I. Banca 48 16% 

Credito Banca 48 16% 

Banca Papolre di Sondrio 48 16% 

Banca Carige 48 16% 

Employment Status Block Chain Developers 72 24% 

Quantitative Analyst 60 20% 

Cyber Security Analyst 54 18% 

Financial Analyst 63 21% 

Product Manager 51 17% 

Education Bachelors 72 24% 

Masters 174 58% 
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Ph.D. 54 18% 

Income Level Less than $3000 21 7% 

$3000-$6000 174 58% 

$6001-$9000 105 35% 

FinTech Usage Daily 231 77% 

Occasionally 24 8% 

Usually 45 15% 

 

4.2 Factor Analysis 
 

For exploratry data analysis factor analysis was used in one data reduction technique. Table 2 

represents the analysis of factors and items used in the variables. Harman test is used for 

constructing the eigen values and sum of squared loadings. (Bagozzi & Foxall, 1996) suggested that 

if r is more significant than 0.90, there is a strong positive correlation among factors in common 

method bias. Principal Axis factoring extraction and variance in the common method is 31.43%, 

below 50%. In this study, CMV was analyzed by the Harman Single factor test. This analysis suggests 

that there is no specific concern and inflates relationship among percived usefulness, ease of use, 

brand image,percieved risk, government support and innovativeness and employee's attitudes 

toward adopting FinTech. This study has yet to initial results of the current common method 

variance. 

The model was constructed and measured through the SPSS Amos and SEM approach in 

figure 2. For Discriminant validity, AVE is checked by (the Fornell Larcker ratio). And Composite 

reliability by (Amini-Tehrani et al., 2020) suggested the cut-off is 0.70. Conformity factor analysis is 

used in Table 3, which discussed Item loadings by composite reliability and Cronbach Alpha in 

Perceived usefulness loadings values of 1st, 2nd, and 4th items are 0.877, 0.839, and 0.728. It is above 

0.7. As suggested in the SEM approach, these items can be extracted while the 3rd item value is below 

0.7, so it can't remove. So this item should be deleted from the measurement model figure 2. 

Everything in the employee trust variable is valid. Cronbach Alpha (CA) and Composite 

reliability (CR) are 0.851 and 0.811, above 0.60, and AVE is 0.53 greater than 0.5, indicating good 

validity for perceived utility. Because all item values are greater than 0.7, CA and CR are high, and 

AVE is greater than 0.5, employees believe all item loadings. Brand Image's two items both had item 

loadings of 0.919, indicating perfect items. CR, CA, and AVE excel. Risk perception AVE, CR, and CA 

exceed 0.6. CA is 0.796 and item loadings are valid, so all items are valid. This variable has strong 

validity because government support loadings are over 0.5 and CA, CR, and AVE are over 0.7. 

Innovativeness has CA, CR, and AVE over 0.7, and the cut-off value and item loadings are 0.928 (high 

validity). Six things make up FinTech, the last variable. The first five items' loadings are good, but the 

last one is below 0.4, so we can't extract it. Since CA, CR, and AVE exceed their cut-off values, validity 

is good.  

Since all loadings are under one, the measurement model has no negative residuals. Table 4 

discusses the Discriminant validity suggested by (Amini-Tehrani et al., 2020) and the correlation 

among the variables for the correlation Pearson method is used. All correlation values range between 
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0.5 to 0.8, so there is a moderate and strong correlation among variables. Since all correlation values 

are below the squared root of AVE values., there is no discriminat or divergent validity in the model. 

Table 5  presents the overall model fit summary of the model; X2 is the chi-square value is 

1105.862, and Chi-square value concerning the degree of freedom is 4.915, and it is below than 

critical value of 5, the goodness of fit value is 0.937, and it is above than 0.90 so model is fit in 

goodness is acceptable, CFI value is 0.98, comparative fix index is also below than 0.90, and it 

suggested value well. The normed fit index is 0.96, which is also above 0.95, which suggests a very 

good fit. The root mean square residual value is 0.047, and it is below 0.05, so it is acceptable and the 

RMSEA value is 0.074; not so good, but it is acceptable because it is below than critical value of 0.08 

(Chen et al., 2008). The P-value is 0.000, below the 0.05 significant value. The overall model is good 

and statistically substantial for structured model analysis. 

 

Table 2. Harman Common Method Variance test 

 Factor Initial Eigen Values Extraction Sum of Squared Loadings 

 Total % of variance Cumulative % Total % of variance Cumulative % 

1 7.230 31.436 31.436 6.881 29.916 29.916 

2 2.945 12.802 44.238    

3 2.252 9.792 54.030    

4 1.800 7.826 61.856    

5 1.498 6.512 68.369    

6 1.116 4.850 73.219    

Extraction Method: Principal Axis Factoring 

 

Table 3. Measurement Model, Item Loadings, Composite Reliability and Convergent Validity 

Constructs Coding Loading CA CR AVE 

Perceived  

Usefulness 

PU1 0.877  0.811321 0.536669 

PU2 0.839 0.851   

PU3 0.379    

PU4 0.728    

Employee’s  

Trust 

ET1 0.874  0.907967 0.766831 

ET2 0.869 0.848   

ET3 0.884    

Brand Image BI1 0.919  0.915731 0.844561 

BI2 0.919 0.815   

Perceived Risk PR1 0.837  0.880792 0.711231 

PR2 0.846 0.796   

PR3 0.847    

Government 

Support 

GS1 0.848  0.87749 0.704935 

GS2 0.860 0.791   

GS3 0.810    

Innovativeness IN1 0.928  0.925415 

 

0.861184 

 

IN2 0.928 0.837   

Intentions FT1 0.573  0.838333 0.572813 



 
12 

 

 

REMEF (The Mexican Journal of Economics and Finance) 
Technology Acceptance Model and Fintech: An Evidence from Italian Banking Industry 

To adopt 

FinTech 

FT2 0.817 0.766   

FT3 0.620    

FT4 0.813    

FT5 0.760    

FT6 0.467    

Extraction Method: Principal Component, AVE= Average Variance Extracted, CR= Composite Reliability, CA= 

Cronbach Alpha 

 

Table 4. Discriminant Validity 

Variable AVE SAVE 1 2 3 4 5 6 7 

FinTech 0.572813 0.756844 0.756       

Perceived 

Usefulness 

0.536669 0.732577 0.545 0.732      

Employee’s 

Trust 

0.766831 0.875689 0.594 0.685 0.875     

Brand Image 0.844561 0.919 0.614 0.646 0.521 0.919    

Perceived Risk 0.711231 0.843345 0.645 0.623 0.645 0.751 0.843   

Government 

Support 

0.704935 0.839604 0.610 0.528 0.647 0.721 0.790 0.839  

Innovativeness 0.861184 0.928 0.690 0.503 0.746 0.712 0.640 0.644 0.928 

Extraction Method: Principal Axis Factoring 

 

Table 5. Overall Model Fit Summary. 

Constructs X2 CMIN/DF GFI CFI NFI RMR RMS P Close 

Indicator 

Value 

1105.862 4.915 0.937 0.983 0.963 0.047 0.074 0.000 

Extraction Method: Principal Axis Factoring 

 
Figure 2. Meaurment Model 
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4.3 Structured Model and Hypotheses testing 
 

Figure 3 Structured model interpreted in SPSS Amos maximum likelihood method is used in SEM. 

Although this research is relatively simple because there are no mediate and moderate variables, we 

used it for better and authentic results because the SEM model always generates more valid and 

valuable results. β values, p-values, standard errors, and critical values in structred model presented 

in Figure 3. Beta value gives the coefficient and shows how much % changes in the independent 

variable will affect the dependent variable.   

Table 6 presents the Hypotheses testing (Critcal Value (CR)=0.743, P < 0.457, β1=0.043) p-

value is greater than 5% critical values, so it rejects the H1 that perceived usefulness has significant 

effect on adoption towards FinTech services in Italian banks controlled by European Central bank. 

(CR=3.401, P < 0.000, β2=0.222) A p-value of employee trust is 0.000 at all significance levels. It is 

statistically significant, meaning employee trust significantly affects the adoption of FinTech services; 

Hence; it supports H2. (CR=2.534, P < 0.11, β3=0.191) The p-value of the brand image is 0.11, which 

means brand image has no significant effect on the adoption of FinTech services so H3 reject. 

(CR=4.069, P < 0.000, β4=0.301). A p-value of perceived risk is 0.000, Hence, H4 supported that 

perceived risk has a significant effect on adopting FinTech services (CR=6.050, P < 0.000, β5=0.889). 

A p-value of Government Support is 0.000 that supports H5 that government support significantly 

impacts the adoption of FinTech services. (CR=2.242, P < 0.02, β6 =0.176) A p-value of Innovativeness 

is 0.02 implying that Innovativeness has a significant effect on adopting FinTech services so that H6 

supported. 

 

Table 6. Hypotheses Testing 

Hypotheses and 

Path 
B 

Beta 

(B) 
Sd. Error 

Critical 

ratio 
P-Value Result 

H1: PU          FT 0.051 0.043 0.068 .743 .457 Not Supported 

H2: ET          FT 0.180 0.222 0.053 3.401 *** Supported 

H3: BI          FT 0.185 0.191 0.073 2.534 0.11 Not Supported 

H4: PR         FT 0.322 0.301 0.079 4.069 *** Supported 

H5: GS         FT 0.988 0.889 0.163 6.050 *** Supported 

H6: IN          FT 0.146 0.176 0.065 2.242 0.025 Supported 

B= unstandarized Regression weights, Beta (B) = Standarized Regresion Weights and ***P < 0.005 
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Figure 3. Structural Model 

 

5. Discussions 
 

This survey examines TAM and employee FinTech opinions. TAM and FinTech service research was 

done by banking customers and end-users. TAM's impact on FinTech employee adoption is also 

examined in this study. In Italian banks, perceived usefulness doesn't affect FinTech uptake. FinTech 

adoption depends on usability. FinTech is easy to use for non-technical persons due to its user-

friendly interface and convenient operation. It allows simple navigation so consumers may use the 

service with little effort. User satisfaction and frequency will grow with FinTech application 

simplicity of use. Ease of use boosts word-of-mouth referrals and customer retention, increasing user 

adoption. User-centered design and functionality are crucial for FinTech companies to build their 

user base and compete in a competitive industry. Our findings match Zhang et al. (2023) for Pakistan; 

Oladapo et al. (2022) for Malaysia and Saudi Arabia and Torriero et al. (2022) for Italian banks. Brand 

image doesn’t have significant effect on FinTech adoption in Italian banks.  

FinTech adoption in financial technology is heavily influenced by perceived risk. As most 

services are complicated and innovative, user perceptions of risk considerably influence their path. 

Data security, privacy, financial loss, and new technology trustworthiness are concerns. If there is a 

risk of unlawful access to sensitive financial data or an automated system breakdown, users may 

avoid FinTech services. Uncertain regulatory frameworks and FinTech company survival add to risk 

perception. FinTech firms must address these concerns with solid security, open data 
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communication, and regulatory compliance. Effective risk management will build trust and enable 

widespread adoption and expansion of FinTech innovations in financial services. Our findings are 

included with Baber (2021) for Indian banks, Xie et al. (2021) for China, and Meyliana & Fernando 

(2019) for Indonesia. 

Government action in regulatory frameworks, financial incentives, and cooperation 

initiatives may affect FinTech adoption in business. Stable and understandable rules encourage 

investment, while financial incentives from assistance programs give FinTech businesses valuable 

resources. Government-driven initiatives that encourage traditional banks and FinTech startups to 

collaborate promote knowledge transfer and innovation. Government funding would help Italian 

banks implement FinTech technologies, making them more competitive and robust in the digital age. 

Hu et al. (2019) Hefei Science and Technology Rural Commercial Bank China; Huei et al. (2018) for 

Malaysia, and Balaskas et al. (2024) Greece found similar results.  

Innovativeness drives FinTech uptake in Italian banks. Banks should embrace technological 

innovation to survive the rapid digital change in the financial sector. Such banks will naturally 

explore and integrate FinTech solutions into their operations, realizing the potential efficiency, 

customer experience, and competitiveness benefits. However, banks that resist change or lack 

innovation may avoid FinTech for fear of disrupting systems. Leadership innovation also accelerates 

FinTech adoption among Italian banks. This will keep banks nimble and competitive in the digital 

age. Our results supported by Setiawan et al. (2021) for Indonesia; Tambunan (2022) for Singapore 

and Chowdhury & Hussain (2022) for Bangladesh. 

 

5.1 Conclusions  
 

There is high demand for FinTech services across Europe and the rest of the world. Italian banks that 

the European central bank controls have been growing in the usage of FinTech since 2018. Internet 

and Technology based equipment has increased daily, and banks are switching from typical financial 

characteristics towards FinTech. Six hypotheses were proposed in the model. Based on the analysis, 

perceived usefulness and brand image are not statistically significant in employees' attitudes to the 

adoption of FinTech services in Italian banks. At the same time, perceived usefulness is one of the 

primary tools supported by many past studies on end-users adopting FinTech services. Employees' 

trust, perceived risk, government support, and innovativeness are statistically significant with 

employee's attitudes to adopting FinTech. At the same time, Italian banks give FinTech services to 

reduce the perceived risk. The findings of this study provide empirical research and Employee 

assessment for Italian banks to generate unique and new, employee-centered services.   

 

5.2 Managerial Implications 
 

It also means that perceived ease of use and perceived usefulness in FinTech adoption should be 

critical; hence, user-friendly and highly functional FinTech solutions should be designed. 

Consequently, managers should invest in technology that is easy to use and offers benefits that are 

apparent and tangible to employees so that they will willingly adopt them. When further elements 

such as trust and perceived risks are added to the adoption framework, it requires that security is 
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guaranteed and transparently communicated about in order to overcome these concerns. Managers 

ought to design comprehensive training and clear protocol programs, thereby addressing security 

concerns related to FinTech at their source and creating trust in FinTech solutions among the 

workforces. Organizational support and regulatory compliance also matter. Managers must provide 

resources, a culture of creativity, and regulatory compliance to promote technological development. 

Professional development, effective communication of FinTech's benefits and strategic importance, 

and strong regulatory engagement through compliance awareness can achieve this. Understanding 

staff variability in technology skills and job requirements offers distinct FinTech implementation 

options. Another reason why strict, one-size-fits-all FinTech implementation strategies may not work 

for an organization. Managers should implement adaptable tactics that accommodate diverse 

technological skill levels and provide tailored training and assistance for different segments. This 

individualized strategy can improve transitions and organization-wide acceptance. Finally, managers 

can utilize peer influence and develop a FinTech adoption infrastructure by combining UTAUT 

elements like social influence and facilitating conditions. The promotion of technology champions 

within the organization as examples and the influence of other employees in its favor will further 

enhance attitudes and behaviors toward FinTech. 

 

5.3 Limitations and Recommendations 
 

When applied to the situation of Italian banks, the TAM has some limitations, but it does offer a basic 

framework for studying the uptake of FinTech. We can gain a more complete and context-specific 

understanding of FinTech adoption if we extend and modify the models to address these limitations. 

These improvements should be considered in future studies so that we may better understand the 

dynamic, multi-faceted, and intricate nature of FinTech adoption among bank employees and develop 

methods to encourage technological innovation in the banking industry. Not all Italian banks are 

included in this analysis; only those supervised by the European central bank are. All Italian financial 

institutions, including banks, should undergo the following examination. For more accurate findings, 

we should employ the random sampling method. Research into the past has shown that TAM can 

have an immediate impact on the uptake of FinTech services, and that attitudes and behaviors can 

act as moderating variables. It is advised to employ simplicity of use and verify the outcomes because 

this variable is impacting the FinTech service. Financial risk (including interest rate, liquidity, and 

foreign exchange risk) and cyber security risk should be studied in the future to see how they 

influence attitudes towards FinTech service adoption. Since, we have used SEM methodology, future 

research can be actionable by doing on case studies, interviews, cross sectional surveys, Delphi 

method and predictive modelling. Although TAM offers a strong theoretical foundation to estimate 

the factors that influence FinTech adoption, a consideration of mediating which includes perceived 

risk, trust, user satisfaction and attitude toward using technology, as well as the moderators which 

involves demographic factors, experience in the use of technology, culture, regulations, social 

pressure and ease of access to technology, can enhance the understanding of the adoption process.  

 

 

 



17 

 
 

Revista Mexicana de Economía y Finanzas, Nueva Época, Vol. 20 No. 1, pp. 1-21, e993 
DOI: https://doi.org/10.21919/remef.v20i1.993 

Thanks 
 

We thank the anonymous reviewers for their valuable observations on our work 

 

 

References 
 

[1] Ahl, A., Goto, M., Yarime, M., Tanaka, K., & Sagawa, D. (2022). Challenges and opportunities of 

blockchain energy applications: Interrelatedness among technological, economic, social, 

environmental, and institutional dimensions. Renewable and Sustainable Energy Reviews, 166, 112623. 

http://dx.doi.org/10.1016/j.rser.2022.112623  

[2] Akyuwen, R., Nanere, M., & Ratten, V. (2022). Technology entrepreneurship: Fintech lending in 

Indonesia. Entrepreneurial Innovation: Strategy and Competition Aspects, 151-176. 

http://dx.doi.org/10.1007/978-981-16-4795-6_14 

[3] Alt, R., Beck, R., & Smits, M. T. (2018). FinTech and the transformation of the financial 

industry. Electronic markets, 28, 235-243. http://dx.doi.org/10.1007/s12525-018-0310-9 

[4] Amini-Tehrani, M., Nasiri, M., Jalali, T., Sadeghi, R., Ghotbi, A., & Zamanian, H. (2020). Validation and 

psychometric properties of suicide behaviors questionnaire-revised (SBQ-R) in Iran. Asian journal of 

psychiatry, 47, 101856. http://dx.doi.org/10.1016/j.ajp.2020.102255 

[5] Ashta, A., & Biot‐Paquerot, G. (2018). FinTech evolution: Strategic value management issues in a fast-

changing industry. Strategic Change, 27(4), 301-311. http://dx.doi.org/10.1002/jsc.2203 

[6] Awotunde, J. B., Adeniyi, E. A., Ogundokun, R. O., & Ayo, F. E. (2021). Application of big data with fintech 

in financial services. In Fintech with Artificial Intelligence, Big Data, and Blockchain (pp. 107-132). 

Singapore: Springer Singapore. http://dx.doi.org/10.1007/978-981-33-6137-9_3 

[7] Baber, H. (2021). Efficacy of COVID-19 screening system and customer satisfaction in banks: 

moderating role of the perceived threat and health risk. Journal of Financial Services Marketing, 26, 

295-304. http://dx.doi.org/10.1057/s41264-021-00120-1 

[8] Balaskas, S., Koutroumani, M., Komis, K., & Rigou, M. (2024). FinTech Services Adoption in Greece: The 

Roles of Trust, Government Support, and Technology Acceptance Factors. FinTech, 3(1), 83-101. 

https://doi.org/10.3390/fintech3010006  

[9] Bapat, D. (2018). Exploring advertising as an antecedent to brand experience dimensions: an 

experimental study. Journal of Financial Services Marketing, 23(3-4), 210-217. 

http://dx.doi.org/10.1057/s41264-018-0056-7 

[10] Barari, M., & Furrer, O. (2018). The customer experience ecosystem in two cultural contexts. Journal of 

financial services marketing, 23, 234-243. http://dx.doi.org/10.1057/s41264-018-0053-x 

[11] Basdekis, C., Christopoulos, A., Katsampoxakis, I., & Vlachou, A. (2022). FinTech’s rapid growth and its 

effect on the banking sector. Journal of Banking and Financial Technology, 1-18. 

http://dx.doi.org/10.1007/s42786-022-00045-w 

[12] Bagozzi, R. P., & Foxall, G. R. (1996). Construct validation of a measure of adaptive-innovative cognitive 

styles in consumption. International Journal of Research in Marketing, 13(3), 201-213. 

http://dx.doi.org/10.1016/0167-8116(96)00010-9 

[13] Bureshaid, N., Lu, K., & Sarea, A. (2021). Adoption of fintech services in the banking 

industry. Applications of Artificial Intelligence in Business, Education and Healthcare , 125-138. 

http://dx.doi.org/10.1007/978-3-030-72080-3_7 

[14] Cai, C. W. (2018). Disruption of financial intermediation by FinTech: a review on crowdfunding and 

blockchain. Accounting & Finance, 58(4), 965-992. http://dx.doi.org/10.1111/acfi.12405 

http://dx.doi.org/10.1016/j.rser.2022.112623
http://dx.doi.org/10.1007/978-981-16-4795-6_14
http://dx.doi.org/10.1007/s12525-018-0310-9
http://dx.doi.org/10.1016/j.ajp.2020.102255
http://dx.doi.org/10.1002/jsc.2203
http://dx.doi.org/10.1007/978-981-33-6137-9_3
http://dx.doi.org/10.1057/s41264-021-00120-1
https://doi.org/10.3390/fintech3010006
http://dx.doi.org/10.1057/s41264-018-0056-7
http://dx.doi.org/10.1057/s41264-018-0053-x
http://dx.doi.org/10.1007/s42786-022-00045-w
http://dx.doi.org/10.1016/0167-8116(96)00010-9
http://dx.doi.org/10.1007/978-3-030-72080-3_7
http://dx.doi.org/10.1111/acfi.12405


 
18 

 

 

REMEF (The Mexican Journal of Economics and Finance) 
Technology Acceptance Model and Fintech: An Evidence from Italian Banking Industry 

[15] Cha, H., Kotabe, M., & Wu, J. (2023). Reshaping Internationalization Strategy and Control for Global E-

Commerce and Digital Transactions: A Hayekian Perspective. Management International 

Review, 63(1), 161-192. http://dx.doi.org/10.1007/s11575-022-00494-x 

[16] Chen, F., Curran, P. J., Bollen, K. A., Kirby, J., & Paxton, P. (2008). An empirical evaluation of the use of 

fixed cutoff points in RMSEA test statistic in structural equation models. Sociological methods & 

research, 36(4), 462-494. http://dx.doi.org/10.1177/0049124108314720 

[17] Chen, X., Teng, L., & Chen, W. (2022). How does FinTech affect the development of the digital economy? 

Evidence from China. The North American Journal of Economics and Finance, 61, 101697. 

http://dx.doi.org/10.1016/j.najef.2022.101697 

[18] Chinnasamy, G., Madbouly, A., & Reyad, S. (2021). Fintech: A pathway for MENA region. The fourth 

industrial revolution: implementation of artificial intelligence for growing business success, 135-151. 

http://dx.doi.org/10.1007/978-3-030-62796-6_7 

[19] Choung, H., David, P., & Ross, A. (2022). Trust in AI and its role in the acceptance of AI 

technologies. International Journal of Human–Computer Interaction, 1-13. 

http://dx.doi.org/10.1080/10447318.2022.2050543 

[20] Chowdhury, N. H., & Hussain, N. (2022). Using technology acceptance model for acceptance of FinTech 

in Bangladesh. International Journal of Internet Technology and Secured Transactions, 12(3), 250-264. 

http://dx.doi.org/10.1504/ijitst.2022.122104 

[21] DeYoung, R., Evanoff, D. D., & Molyneux, P. (2009). Mergers and acquisitions of financial institutions: A 

review of the post-2000 literature. Journal of Financial services research, 36, 87-110. 

http://dx.doi.org/10.1007/s10693-009-0066-7 

[22] Dwivedi, P., Alabdooli, J. I., & Dwivedi, R. (2021). Role of FinTech adoption for competitiveness and 

performance of the bank: A study of banking industry in UAE. International Journal of Global Business 

and Competitiveness, 16(2), 130-138. http://dx.doi.org/10.1007/s42943-021-00033-9 

[23] Elsaid, H. M. (2021). A review of literature directions regarding the impact of fintech firms on the 

banking industry. Qualitative Research in Financial Markets, (ahead-of-print). 

http://dx.doi.org/10.1108/qrfm-10-2020-0197 

[24] Fry, M. J. (1980). Money and Capital or Financial Deepening in Economic Developments?. In Money and 

Monetary Policy in Less Developed Countries (pp. 107-113). Pergamon. 

http://dx.doi.org/10.1016/b978-0-08-024041-1.50014-4 

[25] Gai, K., Qiu, M., Sun, X., & Zhao, H. (2017). Security and privacy issues: A survey on FinTech. In Smart 

Computing and Communication: First International Conference, SmartCom 2016, Shenzhen, China, 

December 17-19, 2016, Proceedings 1 (pp. 236-247). Springer International Publishing. 

http://dx.doi.org/10.1007/978-3-319-52015-5 

[26] Gallego-Losada, M. J., Montero-Navarro, A., García-Abajo, E., & Gallego-Losada, R. (2023). Digital 

financial inclusion. Visualizing the academic literature. Research in International Business and 

Finance, 64, 101862. http://dx.doi.org/10.1016/j.ribaf.2022.101862 

[27] Gbongli, K., Xu, Y., Amedjonekou, K. M., & Kovács, L. (2020). Evaluation and classification of mobile 

financial services sustainability using structural equation modeling and multiple criteria decision-

making methods. Sustainability, 12(4), 1288. http://dx.doi.org/10.3390/su12041288 

[28] Gimpel, H., Rau, D., & Röglinger, M. (2018). Understanding FinTech start-ups–a taxonomy of consumer-

oriented service offerings. Electronic Markets, 28, 245-264. http://dx.doi.org/10.1007/s12525-017-

0275-0 

[29] Gomber, P., Kauffman, R. J., Parker, C., & Weber, B. W. (2018). On the fintech revolution: Interpreting 

the forces of innovation, disruption, and transformation in financial services. Journal of management 

information systems, 35(1), 220-265. http://dx.doi.org/10.1080/07421222.2018.1440766 

[30] Hassan, M. K., Rabbani, M. R., Khan, S., & Ali, M. A. M. D. (2022). An Islamic Finance Perspective of 

Crowdfunding and Peer-To-Peer (P2P) Lending. In FinTech in Islamic Financial Institutions: Scope, 

Challenges, and Implications in Islamic Finance (pp. 263-277). Cham: Springer International Publishing. 

http://dx.doi.org/10.1007/978-3-031-14941-2_13 

http://dx.doi.org/10.1007/s11575-022-00494-x
http://dx.doi.org/10.1177/0049124108314720
http://dx.doi.org/10.1016/j.najef.2022.101697
http://dx.doi.org/10.1007/978-3-030-62796-6_7
http://dx.doi.org/10.1080/10447318.2022.2050543
http://dx.doi.org/10.1504/ijitst.2022.122104
http://dx.doi.org/10.1007/s10693-009-0066-7
http://dx.doi.org/10.1007/s42943-021-00033-9
http://dx.doi.org/10.1108/qrfm-10-2020-0197
http://dx.doi.org/10.1016/b978-0-08-024041-1.50014-4
http://dx.doi.org/10.1007/978-3-319-52015-5
http://dx.doi.org/10.1016/j.ribaf.2022.101862
http://dx.doi.org/10.3390/su12041288
http://dx.doi.org/10.1007/s12525-017-0275-0
http://dx.doi.org/10.1007/s12525-017-0275-0
http://dx.doi.org/10.1080/07421222.2018.1440766
http://dx.doi.org/10.1007/978-3-031-14941-2_13


19 

 
 

Revista Mexicana de Economía y Finanzas, Nueva Época, Vol. 20 No. 1, pp. 1-21, e993 
DOI: https://doi.org/10.21919/remef.v20i1.993 

[31] Hu, Z., Ding, S., Li, S., Chen, L., & Yang, S. (2019). Adoption intention of fintech services for bank users: 

An empirical examination with an extended technology acceptance model. Symmetry, 11(3), 340. 

http://dx.doi.org/10.3390/sym11030340 

[32] Huei, C. T., Cheng, L. S., Seong, L. C., Khin, A. A., & Bin, R. L. L. (2018). Preliminary study on consumer 

attitude towards fintech products and services in Malaysia. International Journal of Engineering & 

Technology, 7(2.29), 166-169. http://dx.doi.org/10.14419/ijet.v7i2.29.13310 

[33] Jünger, M., & Mietzner, M. (2020). Banking goes digital: The adoption of FinTech services by German 

households. Finance Research Letters, 34, 101260. http://dx.doi.org/10.1016/j.frl.2019.08.008 

[34] Kement, Ü., Zeybek, B., Eter, E., Bayram, G. E., Raza, A., & Valeri, M. (2023). How does the green 

entrepreneurship process of students undergoing tourism education proceed? Implementation of the 

policy acceptance model. International Journal of Environment, Workplace and Employment, 7(3), 198-

223. http://dx.doi.org/10.1504/ijewe.2023.135473 

[35] Kement, Ü., Zeybek, B., Soylu, S., Erkol Bayram, G., & Raza, A. (2024). The effect of transformational 

leadership on restaurant employees on trust, altruistic intention and organizational commitment: the 

moderation effect of surface acting. European Business Review. http://dx.doi.org/10.1108/ebr-05-

2023-0169 

[36] Kitsios, F., Giatsidis, I., & Kamariotou, M. (2021). Digital transformation and strategy in the banking 

sector: Evaluating the acceptance rate of e-services. Journal of Open Innovation: Technology, Market, 

and Complexity, 7(3), 204. http://dx.doi.org/10.3390/joitmc7030204 

[37] Kou, G., Olgu Akdeniz, Ö., Dinçer, H., & Yüksel, S. (2021). Fintech investments in European banks: a 

hybrid IT2 fuzzy multidimensional decision-making approach. Financial Innovation, 7(1), 39. 

http://dx.doi.org/10.1186/s40854-021-00256-y 

[38] Le, M. T. (2023). Investigating Variables that Increase the Desire and Loyalty to Utilize Fintech After 

the COVID-19 Lockdown: A New Normal Behavior. In The Fintech Disruption: How Financial Innovation 

Is Transforming the Banking Industry (pp. 267-293). Cham: Springer International Publishing. 

http://dx.doi.org/10.1007/978-3-031-23069-1_11 

[39] Le, V. P., Do, S. H., & Nguyen, H. N. L. (2022). A Study on the Factors Affecting Intention of Using Online 

Banking Services in Vietnam. Global Changes and Sustainable Development in Asian Emerging Market 

Economies Vol. 1: Proceedings of EDESUS 2019, 179-198. http://dx.doi.org/10.1007/978-3-030-

81435-9_14 

[40] Lee, J. M., & Kim, H. J. (2020). Determinants of adoption and continuance intentions toward Internet-

only banks. International Journal of Bank Marketing. http://dx.doi.org/10.1108/ijbm-07-2019-0269 

[41] Lockett, A., & Littler, D. (1997). The adoption of direct banking services. Journal of marketing 

management, 13(8), 791-811. http://dx.doi.org/10.1080/0267257x.1997.9964512 

[42] Marakarkandy, B., Yajnik, N., & Dasgupta, C. (2017). Enabling internet banking adoption: An empirical 

examination with an augmented technology acceptance model (TAM). Journal of Enterprise 

Information Management. http://dx.doi.org/10.1108/jeim-10-2015-0094 

[43] Meng, S., He, X., & Tian, X. (2021). Research on Fintech development issues based on embedded cloud 

computing and big data analysis. Microprocessors and microsystems, 83, 103977. 

http://dx.doi.org/10.1016/j.micpro.2021.103977 

[44] Meyliana, M., & Fernando, E. (2019). The influence of perceived risk and trust in adoption of fintech 

services in Indonesia. CommIT (Communication and Information Technology) Journal, 13(1), 31-37. 

http://dx.doi.org/10.21512/commit.v13i1.5708 

[45] Oladapo, I. A., Hamoudah, M. M., Alam, M. M., Olaopa, O. R., & Muda, R. (2022). Customers’ perceptions 

of FinTech adaptability in the Islamic banking sector: comparative study on Malaysia and Saudi 

Arabia. Journal of Modelling in Management, 17(4), 1241-1261. http://dx.doi.org/10.1108/jm2-10-

2020-0256 

[46] Palmié, M., Wincent, J., Parida, V., & Caglar, U. (2020). The evolution of the financial technology 

ecosystem: An introduction and agenda for future research on disruptive innovations in 

http://dx.doi.org/10.3390/sym11030340
http://dx.doi.org/10.14419/ijet.v7i2.29.13310
http://dx.doi.org/10.1016/j.frl.2019.08.008
http://dx.doi.org/10.1504/ijewe.2023.135473
http://dx.doi.org/10.1108/ebr-05-2023-0169
http://dx.doi.org/10.1108/ebr-05-2023-0169
http://dx.doi.org/10.3390/joitmc7030204
http://dx.doi.org/10.1186/s40854-021-00256-y
http://dx.doi.org/10.1007/978-3-031-23069-1_11
http://dx.doi.org/10.1007/978-3-030-81435-9_14
http://dx.doi.org/10.1007/978-3-030-81435-9_14
http://dx.doi.org/10.1108/ijbm-07-2019-0269
http://dx.doi.org/10.1080/0267257x.1997.9964512
http://dx.doi.org/10.1108/jeim-10-2015-0094
http://dx.doi.org/10.1016/j.micpro.2021.103977
http://dx.doi.org/10.21512/commit.v13i1.5708
http://dx.doi.org/10.1108/jm2-10-2020-0256
http://dx.doi.org/10.1108/jm2-10-2020-0256


 
20 

 

 

REMEF (The Mexican Journal of Economics and Finance) 
Technology Acceptance Model and Fintech: An Evidence from Italian Banking Industry 

ecosystems. Technological forecasting and social change, 151, 119779. 

http://dx.doi.org/10.1016/j.techfore.2019.119779 

[47] Pushpa, A., Nagadeepa, C., Mukthar, K. J., Huaranga-Toledo, H., Nivin-Vargas, L., & Guerra-Muñoz, M. 

(2023). User’s Continuance Intention Towards Digital Payments: An Integrated Tripod Model DOI, 

TAM, TCT. In Digitalisation: Opportunities and Challenges for Business: Volume 1 (pp. 708-717). Cham: 

Springer International Publishing. http://dx.doi.org/10.1007/978-3-031-26953-0_65 

[48] Quah, J. T., & Chua, Y. W. (2019). Chatbot assisted marketing in financial service industry. In Services 

Computing–SCC 2019: 16th International Conference, Held as Part of the Services Conference Federation, 

SCF 2019, San Diego, CA, USA, June 25–30, 2019, Proceedings 16 (pp. 107-114). Springer International 

Publishing. http://dx.doi.org/10.1007/978-3-030-23554-3_8 

[49] Rahim, N. F., Bakri, M. H., Fianto, B. A., Zainal, N., & Hussein Al Shami, S. A. (2022). Measurement and 

structural modelling on factors of Islamic Fintech adoption among millennials in Malaysia. Journal of 

Islamic Marketing. http://dx.doi.org/10.1108/jima-09-2020-0279 

[50] Reyes-Mercado, P., & Reyes-Mercado, P. (2021). Financial Consumer Behavior and Decision-

Making. FinTech Strategy: Linking Entrepreneurship, Finance, and Technology, 81-105. 

http://dx.doi.org/10.1007/978-3-030-53945-0_5 

[51] Roh, T., Yang, Y. S., Xiao, S., & Park, B. I. (2022). What makes consumers trust and adopt fintech? An 

empirical investigation in China. Electronic Commerce Research, 1-33. 

http://dx.doi.org/10.1007/s10660-021-09527-3 

[52] Ruparelia, N., White, L., & Hughes, K. (2010). Drivers of brand trust in internet retailing. Journal of 

Product & Brand Management. http://dx.doi.org/10.1108/10610421011059577 

[53] Setiawan, B., Nugraha, D. P., Irawan, A., Nathan, R. J., & Zoltan, Z. (2021). User innovativeness and 

fintech adoption in Indonesia. Journal of Open Innovation: Technology, Market, and Complexity, 7(3), 

188. http://dx.doi.org/10.3390/joitmc7030188 

[54] Shaikh, I. M., Qureshi, M. A., Noordin, K., Shaikh, J. M., Khan, A., & Shahbaz, M. S. (2020). Acceptance of 

Islamic financial technology (FinTech) banking services by Malaysian users: an extension of 

technology acceptance model. foresight, 22(3), 367-383. http://dx.doi.org/10.1108/fs-12-2019-0105 

[55] Siek, M., & Sutanto, A. (2019, August). Impact analysis of fintech on banking industry. In 2019 

international conference on information management and technology (ICIMTech) (Vol. 1, pp. 356-361). 

IEEE. http://dx.doi.org/10.1109/icimtech.2019.8843778 

[56] Singh, S., Sahni, M. M., & Kovid, R. K. (2020). What drives FinTech adoption? A multi-method evaluation 

using an adapted technology acceptance model. Management Decision, 58(8), 1675-1697. 

http://dx.doi.org/10.1108/md-09-2019-1318 

[57] Stojakovic-Celustka, S. (2023, January). FinTech and its implementation. In Measuring Ontologies for 

Value Enhancement: Aligning Computing Productivity with Human Creativity for Societal Adaptation: 

First International Workshop, MOVE 2020, Virtual Event, October 17–18, 2020, Revised Selected 

Papers (pp. 256-277). Cham: Springer Nature Switzerland. http://dx.doi.org/10.1007/978-3-031-

22228-3_12 

[58] Susilo, A. Z., Prabowo, M. I., Taman, A., Pustikaningsih, A., & Samlawi, A. (2019). A comparative study 

of factors affecting user acceptance of go-pay and OVo as a feature of Fintech application. Procedia 

Computer Science, 161, 876-884. http://dx.doi.org/10.1016/j.procs.2019.11.195 

[59] Tambunan, T. T. (2022). Development of Financial Technology with Reference to Peer-to-Peer (P2P) 

Lending. In Fostering Resilience through Micro, Small and Medium Enterprises: Perspectives from 

Indonesia (pp. 147-177). Singapore: Springer Singapore. http://dx.doi.org/10.1007/978-981-16-

9435-6_6 

[60] Tasnim, Z., Shareef, M. A., Baabdullah, A. M., Hamid, A. B. A., & Dwivedi, Y. K. (2023). An Empirical Study 

on Factors Impacting the Adoption of Digital Technologies in Supply Chain Management and What 

Blockchain Technology Could Do for the Manufacturing Sector of Bangladesh. Information Systems 

Management, 1-23. http://dx.doi.org/10.1080/10580530.2023.2172487 

http://dx.doi.org/10.1016/j.techfore.2019.119779
http://dx.doi.org/10.1007/978-3-031-26953-0_65
http://dx.doi.org/10.1007/978-3-030-23554-3_8
http://dx.doi.org/10.1108/jima-09-2020-0279
http://dx.doi.org/10.1007/978-3-030-53945-0_5
http://dx.doi.org/10.1007/s10660-021-09527-3
http://dx.doi.org/10.1108/10610421011059577
http://dx.doi.org/10.3390/joitmc7030188
http://dx.doi.org/10.1108/fs-12-2019-0105
http://dx.doi.org/10.1109/icimtech.2019.8843778
http://dx.doi.org/10.1108/md-09-2019-1318
http://dx.doi.org/10.1007/978-3-031-22228-3_12
http://dx.doi.org/10.1007/978-3-031-22228-3_12
http://dx.doi.org/10.1016/j.procs.2019.11.195
http://dx.doi.org/10.1007/978-981-16-9435-6_6
http://dx.doi.org/10.1007/978-981-16-9435-6_6
http://dx.doi.org/10.1080/10580530.2023.2172487


21 

 
 

Revista Mexicana de Economía y Finanzas, Nueva Época, Vol. 20 No. 1, pp. 1-21, e993 
DOI: https://doi.org/10.21919/remef.v20i1.993 

[61] Taufiq, M., Chung, T. F., & Chrisniyanti, A. (2023). Does Financial Literacy or Digital Literacy Determine 

a Consumer Use of FinTech?. In Digitalisation: Opportunities and Challenges for Business: Volume 1 (pp. 

289-298). Cham: Springer International Publishing. http://dx.doi.org/10.1007/978-3-031-26953-

0_28 

[62] Teo, T., Tsai, L. T., & Yang, C. C. (2013). Applying structural equation modeling (SEM) in educational 

research: An introduction. In Application of structural equation modeling in educational research and 

practice (pp. 1-21). Brill. http://dx.doi.org/10.1007/978-94-6209-332-4_1 

[63] Todorof, M. (2018, August). Shariah-compliant FinTech in the banking industry. In era Forum (Vol. 19, 

No. 1, pp. 1-17). Berlin/Heidelberg: Springer Berlin Heidelberg. http://dx.doi.org/10.1007/s12027-

018-0505-8 

[64] Torriero, C., Montera, R., & Cucari, N. (2022). How is digitalisation changing the business model of 

FinTech companies? The case study of an Italian non-bank financial institution. International Journal 

of Quality and Innovation, 6(1), 7-27. http://dx.doi.org/10.1504/ijqi.2022.119286 

[65] Udeagha, M. C., & Breitenbach, M. C. (2023). Exploring the moderating role of financial development in 

environmental Kuznets curve for South Africa: fresh evidence from the novel dynamic ARDL 

simulations approach. Financial Innovation, 9(1), 5. http://dx.doi.org/10.1186/s40854-022-00396-9 

[66] Usman, H., Mulia, D., Chairy, C., & Widowati, N. (2022). Integrating trust, religiosity and image into 

technology acceptance model: the case of the Islamic philanthropy in Indonesia. Journal of Islamic 

Marketing, 13(2), 381-409. http://dx.doi.org/10.1108/jima-01-2020-0020 

[67] Villar, A. S., & Khan, N. (2021). Robotic process automation in banking industry: a case study on 

Deutsche Bank. Journal of Banking and Financial Technology, 5(1), 71-86. 

http://dx.doi.org/10.1007/s42786-021-00030-9 

[68] Wang, J. S. (2021). Exploring biometric identification in FinTech applications based on the modified 

TAM. Financial Innovation, 7(1), 42. http://dx.doi.org/10.1186/s40854-021-00260-2 

[69] Warsono, H., Yuwono, T., & Putranti, I. (2023). Analyzing technology acceptance model for 

collaborative governance in public administration: Empirical evidence of digital governance and 

perceived ease of use. International Journal of Data and Network Science, 7(1), 41-48. 

http://dx.doi.org/10.5267/j.ijdns.2022.12.008 

[70] Xie, J., Ye, L., Huang, W., & Ye, M. (2021). Understanding FinTech platform adoption: impacts of 

perceived value and perceived risk. Journal of Theoretical and Applied Electronic Commerce 

Research, 16(5), 1893-1911. http://dx.doi.org/10.3390/jtaer16050106 

[71] Zandhessami, H., & Geranmayeh, P. (2014). Determinants of user acceptance of internet banking: An 

empirical study. Management Science Letters, 4(7), 1369-1374. 

http://dx.doi.org/10.5267/j.msl.2014.6.035 

[72] Zhang, Q., Khan, S., Cao, M., & Khan, S. U. (2023). Factors Determining Consumer Acceptance of NFC 

Mobile Payment: An Extended Mobile Technology Acceptance Model. Sustainability, 15(4), 3664. 

http://dx.doi.org/10.3390/su15043664 

[73] Zhang, T., Lu, C., & Kizildag, M. (2018). Banking “on-the-go”: examining consumers’ adoption of mobile 

banking services. International Journal of Quality and Service Sciences, 10(3), 279-295. 

http://dx.doi.org/10.1108/ijqss-07-2017-0067 

[74] Zhang, W., Siyal, S., Riaz, S., Ahmad, R., Hilmi, M. F., & Li, Z. (2023). Data Security, Customer Trust and 

Intention for Adoption of Fintech Services: An Empirical Analysis From Commercial Bank Users in 

Pakistan. SAGE Open, 13(3), 21582440231181388. http://dx.doi.org/10.1177/21582440231181388 

http://dx.doi.org/10.1007/978-3-031-26953-0_28
http://dx.doi.org/10.1007/978-3-031-26953-0_28
http://dx.doi.org/10.1007/978-94-6209-332-4_1
http://dx.doi.org/10.1007/s12027-018-0505-8
http://dx.doi.org/10.1007/s12027-018-0505-8
http://dx.doi.org/10.1504/ijqi.2022.119286
http://dx.doi.org/10.1186/s40854-022-00396-9
http://dx.doi.org/10.1108/jima-01-2020-0020
http://dx.doi.org/10.1007/s42786-021-00030-9
http://dx.doi.org/10.1186/s40854-021-00260-2
http://dx.doi.org/10.5267/j.ijdns.2022.12.008
http://dx.doi.org/10.3390/jtaer16050106
http://dx.doi.org/10.5267/j.msl.2014.6.035
http://dx.doi.org/10.3390/su15043664
http://dx.doi.org/10.1108/ijqss-07-2017-0067
http://dx.doi.org/10.1177/21582440231181388

